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Certificate in Customer Service Analytics

Service Performance Measurement

Average Handle Time (AHT) – Related terms: handle time, contact duration, efficiency metric.
AHT measures the average amount of time an agent spends handling a customer interaction, including talk
time, hold time, and after‑call work. It is calculated by dividing the total handle time for a set of contacts by
the number of contacts handled.
Example: If agents spend 5,000 minutes on 250 calls, the AHT = 5,000 ÷ 250 = 20 minutes per call.
Practical application: Managers monitor AHT to balance speed and quality, setting targets that align with
service‑level agreements (SLAs) and staffing forecasts.
Challenges: Over‑emphasis on reducing AHT can lead to rushed conversations, lower satisfaction, and
higher repeat contacts. Accurate measurement requires consistent logging of after‑call work and handling
of multi‑channel interactions.

First Contact Resolution (FCR) – Related terms: resolution rate, repeat contacts, customer effort.
FCR indicates the percentage of customer inquiries resolved during the first interaction, without the need
for follow‑up. It is calculated by dividing the number of contacts resolved on first touch by the total number
of contacts, then multiplying by 100.
Example: Out of 1,000 inbound calls, 850 are solved on first contact, yielding an FCR of 85 %.
Practical application: High FCR correlates with lower operational costs, reduced agent workload, and higher
Net Promoter Score (NPS). Teams use root‑cause analysis to identify recurring issues that hinder FCR.
Challenges: Measuring FCR across channels (phone, chat, email) can be inconsistent; some resolutions may
be perceived as “closed” but later result in a callback, inflating the metric.

Customer Satisfaction Score (CSAT) – Related terms: survey rating, post‑interaction feedback, likert scale.
CSAT captures a customer’s immediate impression of a service encounter, typically using a short survey that
asks respondents to rate satisfaction on a scale (e.g., 1‑5). The score is the average rating or the percentage
of “satisfied” responses (usually 4 or 5).
Example: After a chat session, 120 customers rate the experience; 90 give a 4 or 5, resulting in a CSAT of
75 %.
Practical application: CSAT provides quick insight into agent performance, training needs, and process
bottlenecks. It is often used alongside NPS to form a balanced view of loyalty and satisfaction.
Challenges: Response bias, low survey participation, and cultural differences in rating scales can distort the
true sentiment; timing of the survey (immediate vs delayed) also influences accuracy.

Net Promoter Score (NPS) – Related terms: loyalty metric, promoter, detractor.
NPS measures the likelihood that customers would recommend a company to others, using a single
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question (“On a scale of 0‑10, how likely are you to recommend us?”). Respondents rating 9‑10 are
“promoters,” 7‑8 are “passives,” and 0‑6 are “detractors.” NPS = % promoters – % detractors.
Example: In a survey of 500 customers, 250 are promoters, 150 are passives, and 100 are detractors. NPS =
(250/500 × 100) – (100/500 × 100) = 50 – 20 = 30.
Practical application: NPS is used to gauge long‑term brand health, forecast growth, and prioritize
improvement initiatives. Companies often segment NPS by channel to pinpoint specific service weaknesses.
Challenges: NPS provides a single data point, lacking context for why customers feel a certain way; it may
be influenced by external factors unrelated to service performance.

Service Level Agreement (SLA) – Related terms: commitment, performance target, penalty clause.
An SLA is a formal contract that defines the expected level of service between a provider and a customer,
specifying metrics such as response time, resolution time, and availability. It often includes thresholds (e.g.,
80 % of calls answered within 30 seconds) and remedies for non‑compliance.
Example: A call center agrees to answer 90 % of inbound calls within 20 seconds during business hours.
Practical application: SLAs guide staffing models, technology investments, and escalation procedures. They
serve as a benchmark for internal performance reviews and external audits.
Challenges: Rigid SLAs may become unrealistic during peak periods or unforeseen events (e.g., system
outages), leading to frequent breaches and strained customer relationships.

Customer Effort Score (CES) – Related terms: effort metric, friction index, resolution ease.
CES quantifies the amount of effort a customer perceives they must expend to resolve an issue, typically
using a 5‑point scale ranging from “very low effort” to “very high effort.” The score is the average of all
responses or the percentage of low‑effort ratings.
Example: After a self‑service portal interaction, 200 users rate effort; 150 select “low effort,” resulting in a
CES of 75 % low‑effort responses.
Practical application: Low CES correlates strongly with higher loyalty and reduced churn. Organizations use
CES to identify friction points in processes, such as complex verification steps or unclear navigation.
Challenges: CES can be less intuitive for customers than satisfaction surveys, leading to lower response
rates; interpreting the score requires contextual knowledge of the interaction channel.

Queue Abandonment Rate – Related terms: hang‑up rate, call abandonment, wait‑time tolerance.
The abandonment rate measures the proportion of callers who disconnect before reaching an agent. It is
calculated by dividing the number of abandoned calls by the total number of calls offered, expressed as a
percentage.
Example: In a 30‑minute interval, 1,200 calls arrive, 150 are abandoned; abandonment rate = 150 ÷
1,200 × 100 = 12.5 %.
Practical application: High abandonment indicates insufficient staffing, long wait times, or poor IVR design.
Managers adjust workforce schedules or streamline IVR prompts to reduce abandonment.
Challenges: Accurately capturing abandoned calls requires real‑time monitoring; some customers may
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abandon after the call is answered (post‑answer abandonment), which complicates analysis.

Service Quality Index (SQI) – Related terms: quality score, performance composite, benchmark.
SQI aggregates multiple performance metrics—such as CSAT, FCR, AHT, and adherence—into a single
weighted score that reflects overall service quality. The weighting scheme is defined by the organization’s
strategic priorities.
Example: An organization assigns 40 % weight to CSAT, 30 % to FCR, 20 % to AHT, and 10 % to adherence.
Using recent data, the calculated SQI is 78 out of 100.
Practical application: SQI provides leadership with a concise dashboard view, facilitating comparisons across
teams, regions, or time periods. It also supports incentive programs aligned with holistic performance.
Challenges: Determining appropriate weights can be subjective; over‑reliance on a composite score may
mask underlying issues in specific metrics.

Agent Utilization – Related terms: occupancy, productive time, idle time.
Agent utilization reflects the proportion of an agent’s scheduled time spent on productive activities
(handling contacts, after‑call work) versus idle time. It is calculated as (productive minutes ÷ scheduled
minutes) × 100.
Example: An agent is scheduled for 480 minutes in a shift; they spend 360 minutes handling contacts and 60
minutes on after‑call work. Utilization = (360 + 60) ÷ 480 × 100 = 87.5 %.
Practical application: High utilization indicates efficient staffing, while very high rates (>95 %) may cause
burnout. Managers use utilization data to balance workload and maintain service quality.
Challenges: Utilization does not capture the quality of interactions; agents may be “busy” but delivering
poor service. Additionally, multi‑tasking across channels can complicate accurate measurement.

Adherence to Schedule – Related terms: schedule compliance, punch‑in/out, shift adherence.
Schedule adherence measures how closely agents follow their assigned work schedule, including start times,
breaks, and end times. It is calculated by comparing actual logged time against planned time.
Example: An agent is scheduled for a 9‑hour shift with two 15‑minute breaks. They log in at 8:55 am, take
breaks as scheduled, and log out at 5:55 pm, achieving 100 % adherence.
Practical application: High adherence ensures sufficient coverage for forecasted contact volumes, reducing
the risk of SLA breaches. Workforce management systems generate real‑time adherence alerts.
Challenges: Rigid adherence expectations may ignore legitimate reasons for deviation (e.g., unexpected
training, personal emergencies), potentially harming morale.

Customer Lifetime Value (CLV) – Related terms: revenue per customer, retention cost, profitability metric.
CLV estimates the total net profit a business can expect from a single customer over the entire relationship.
It is derived by projecting future revenue, subtracting acquisition and service costs, and applying a discount
rate.
Example: A subscription service predicts an average customer will generate $120 per year for 5 years, with
$30 acquisition cost and $10 annual service cost. CLV = Σ[(120 – 10) ÷ (1 + discount)^year] – 30 ≈ $400.
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Practical application: CLV informs investment decisions in service improvement initiatives; higher CLV
justifies more resources for premium support.
Challenges: Accurate CLV calculation requires reliable churn forecasts and cost data; assumptions about
future behavior may be uncertain, especially in rapidly changing markets.

Root Cause Analysis (RCA) – Related terms: problem solving, 5 Whys, fishbone diagram.
RCA is a systematic process for identifying the underlying reasons for service performance issues, such as
high AHT or low FCR. Techniques include the “5 Whys,” cause‑and‑effect diagrams, and Pareto analysis.
Example: An increase in AHT is traced to a new knowledge‑base article that requires agents to navigate
multiple screens, revealing a process inefficiency as the root cause.
Practical application: By addressing root causes, organizations achieve sustainable improvements rather
than temporary fixes. RCA findings are documented and fed back into training and process redesign.
Challenges: RCA can be time‑consuming; teams may stop at superficial causes (symptoms) rather than
digging deeper, leading to recurring issues.

Workforce Management (WFM) – Related terms: forecasting, scheduling, intraday management.
WFM encompasses the set of tools and practices used to predict contact volumes, schedule agents, and
monitor real‑time adherence to meet service objectives. It integrates historical data, trend analysis, and
staffing algorithms.
Example: Using a WFM platform, a call center forecasts a 15 % increase in inbound calls for the upcoming
holiday week and adjusts staffing levels accordingly.
Practical application: Effective WFM reduces overtime costs, improves SLA compliance, and balances agent
workload, directly impacting key performance indicators such as AHT and FCR.
Challenges: Forecasting accuracy is affected by external variables (marketing campaigns, product launches)
and may require frequent adjustments; inadequate intraday management can cause sudden understaffing.

Interaction Analytics – Related terms: speech analytics, text mining, sentiment analysis.
Interaction analytics applies advanced technologies—such as natural language processing (NLP) and
machine learning—to extract insights from voice recordings, chat transcripts, and email content. It identifies
trends, compliance breaches, and opportunities for improvement.
Example: Speech analytics reveals that agents frequently use the phrase “I’m sorry” before offering a
solution, indicating empathy but also potential over‑apology that may affect perceived competence.
Practical application: Insights drive coaching, script optimization, and automated quality monitoring,
reducing manual review effort and improving consistency across channels.
Challenges: Data privacy regulations (e.g., GDPR) impose restrictions on recording and analysis; false
positives in sentiment detection can mislead decision‑makers if not validated.

Quality Monitoring Score (QMS) – Related terms: QC score, evaluation rubric, audit result.
QMS is derived from systematic evaluations of recorded interactions against a predefined rubric covering
criteria such as greeting, compliance, problem solving, and closing. Scores are typically expressed as a
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percentage of possible points.
Example: An auditor reviews 20 calls, each with 10 criteria worth 5 points. The agent earns 850 out of a
possible 1,000 points, resulting in a QMS of 85 %.
Practical application: QMS informs performance coaching, identifies training gaps, and contributes to
incentive calculations. It also serves as a benchmark for continuous improvement programs.
Challenges: Subjectivity in scoring can lead to inter‑rater variability; maintaining consistency across large
teams requires regular calibration sessions.

Service Availability – Related terms: uptime, downtime, system reliability.
Service availability measures the proportion of time a service (e.g., phone lines, chat platform) is operational
and accessible to customers. It is expressed as a percentage of total scheduled time.
Example: Over a month, a contact center’s telephony system is down for 2 hours out of 720 hours, yielding
an availability of (720 – 2) ÷ 720 × 100 = 99.7 %.
Practical application: High availability supports SLA compliance and protects brand reputation.
Organizations track availability alongside incident management to quickly resolve outages.
Challenges: Complex multi‑vendor environments can obscure root causes of downtime; planned
maintenance must be balanced against peak demand periods to avoid SLA breaches.

Contact Volume Forecast – Related terms: trend analysis, seasonality, predictive modeling.
A contact volume forecast predicts the number of inbound and outbound interactions expected over a
future period, based on historical data, marketing campaigns, product releases, and external factors.
Forecast accuracy is critical for staffing and resource allocation.
Example: Using a time‑series model, a center predicts a 20 % surge in chat volume during a new product
launch week.
Practical application: Accurate forecasts enable proactive scheduling, reduce over‑staffing, and help
maintain service levels during peak periods. Forecasts are regularly reviewed and adjusted as actual data
emerges.
Challenges: Sudden spikes caused by viral events or unplanned outages can render forecasts inaccurate;
reliance on limited historical data may not capture emerging trends.

Agent Training Effectiveness – Related terms: learning retention, skill assessment, post‑training performance.
This metric evaluates the impact of training programs on agent performance, typically by comparing pre‑
and post‑training KPI values such as CSAT, AHT, and FCR. It may also incorporate knowledge‑test scores
and on‑the‑job observations.
Example: After a soft‑skills workshop, an agent’s CSAT improves from 78 % to 85 % over the next month,
indicating a positive training effect.
Practical application: Measuring training effectiveness guides curriculum design, identifies high‑impact
topics, and justifies training investment.
Challenges: Isolating the influence of training from other variables (e.g., schedule changes) can be difficult;
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delayed behavior change may require longer observation windows.

Customer Journey Mapping – Related terms: touchpoint analysis, experience design, process flow.
Journey mapping visualizes the end‑to‑end experience a customer has with a service, highlighting each
interaction point, emotions, and potential pain areas. It serves as a foundation for performance
measurement by linking KPIs to specific stages.
Example: A map reveals that customers experience high effort during the identity verification step, leading
to increased abandonment.
Practical application: Organizations prioritize improvements on high‑impact touchpoints, align metrics such
as CES and FCR with journey phases, and design targeted interventions.
Challenges: Capturing the full multi‑channel journey requires cross‑functional collaboration; incomplete
data can produce misleading maps.

Service Performance Dashboard – Related terms: visual analytics, KPI reporting, real‑time monitoring.
A dashboard aggregates key performance indicators (KPIs) into an interactive visual interface, allowing
managers to monitor service health, drill down into details, and take corrective actions promptly. Common
widgets include SLA compliance, AHT trends, and queue status.
Example: A supervisor logs into the dashboard and sees a spike in abandonment rate; they immediately add
agents to the queue to mitigate the issue.
Practical application: Dashboards foster data‑driven decision making, enable rapid response to operational
anomalies, and support performance reviews.
Challenges: Overloading the dashboard with too many metrics can cause analysis paralysis; data latency and
integration errors may lead to inaccurate insights.

Performance Incentive Structure – Related terms: compensation plan, bonus criteria, motivation alignment.
This structure defines how agents are rewarded based on achieving or exceeding specific performance
targets (e.g., CSAT ≥ 90 %, AHT ≤ 5 minutes). Incentives can be monetary, recognition‑based, or
career‑development oriented.
Example: An agent receives a quarterly bonus for maintaining an FCR above 85 % and a QMS above 80 %.
Practical application: Well‑designed incentives drive desired behaviors, improve morale, and align individual
goals with organizational objectives.
Challenges: Misaligned incentives may encourage undesirable shortcuts (e.g., shortening calls to meet AHT
targets) or create competition that harms teamwork; regular review is required to maintain balance.

Data Governance – Related terms: data quality, privacy compliance, metadata management.
Data governance establishes policies, standards, and responsibilities for managing data assets, ensuring
accuracy, security, and appropriate usage across the analytics ecosystem. It includes data lineage, access
controls, and audit trails.
Example: A contact center implements a data‑governance framework that mandates validation of all
incoming call‑recording metadata before it enters the analytics repository.
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Practical application: Strong governance supports reliable performance measurement, facilitates regulatory
compliance (e.g., GDPR, CCPA), and builds stakeholder trust.
Challenges: Implementing governance can be resource‑intensive; balancing data accessibility with privacy
restrictions requires careful policy design.

Predictive Service Analytics – Related terms: forecast modeling, proactive routing, churn prediction.
Predictive analytics applies statistical and machine learning techniques to anticipate future service events,
such as spikes in contact volume, potential escalations, or customer churn. Models are trained on historical
interaction data and external variables.
Example: A model predicts that customers who experience a second‑time login failure have a 30 % higher
probability of churn, prompting pre‑emptive outreach.
Practical application: Proactive measures—like staffing adjustments, targeted communications, or
automated self‑service prompts—reduce reactive workload and improve customer experience.
Challenges: Model drift, where predictive accuracy degrades over time, requires continuous monitoring and
retraining; data silos can limit the richness of input variables.

Omni‑Channel Performance Measurement – Related terms: cross‑channel consistency, channel attribution,
integrated reporting.
Omni‑channel measurement evaluates service performance across all interaction channels (voice, chat,
email, social, SMS) as a unified experience, rather than in isolation. It involves consolidating metrics,
reconciling overlapping data, and assessing journey continuity.
Example: A customer initiates a chat, receives a follow‑up email, and later calls; the combined FCR across all
channels is calculated to reflect true resolution.
Practical application: Organizations identify gaps where customers switch channels due to unsatisfactory
outcomes, enabling seamless handoffs and consistent service standards.
Challenges: Data integration complexities, differing measurement definitions per channel, and latency in
synchronizing real‑time metrics pose significant hurdles.

Service Improvement Cycle (SIC) – Related terms: PDCA, continuous improvement, Kaizen.
The SIC is a structured approach to iteratively enhance service performance: Plan (identify gaps), Do
(implement changes), Check (measure impact), Act (standardize successful practices). It aligns with quality
management philosophies.
Example: After detecting high AHT on a specific product line, the team plans a targeted training,
implements it, monitors post‑training AHT, and adopts the new script company‑wide if results are positive.
Practical application: SIC ensures that performance insights translate into tangible improvements, fostering
a culture of data‑driven excellence.
Challenges: Maintaining momentum over multiple cycles can be difficult; without clear ownership, initiatives
may stall or revert to previous practices.

Service Cost per Interaction (CPI) – Related terms: cost efficiency, operational expense, budget allocation.
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CPI calculates the average cost incurred to handle a single customer interaction, encompassing labor,
technology, and overhead. It is derived by dividing total service operating costs by the number of
interactions processed in a period.
Example: A center spends $250,000 in a month and handles 12,500 contacts; CPI = $250,000 ÷ 12,500 = $20
per interaction.
Practical application: Monitoring CPI helps identify cost‑driving inefficiencies, supports pricing decisions,
and guides investment in automation (e.g., chatbots) to lower per‑contact expenses.
Challenges: Allocating shared costs (e.g., facility rent) fairly across channels can be complex; fluctuations in
volume may distort CPI if not normalized.

Customer Advocacy Index (CAI) – Related terms: brand evangelism, referral likelihood, loyalty metric.
CAI measures the propensity of customers to recommend, defend, or positively talk about a brand, often
derived from survey questions that assess advocacy behaviors beyond the traditional NPS prompt.
Example: A post‑interaction survey asks “How likely are you to share your positive experience with friends?”
with responses aggregated into a CAI of 68 %.
Practical application: High CAI signals strong brand equity, guiding marketing spend toward organic growth
channels; low CAI may trigger targeted loyalty programs.
Challenges: Distinguishing genuine advocacy from passive satisfaction requires nuanced questioning;
cultural differences affect willingness to publicly endorse a brand.

Service Resilience Score – Related terms: business continuity, disruption handling, recovery time.
The resilience score evaluates an organization’s capability to maintain service continuity during disruptions
(e.g., system outages, natural disasters). It combines metrics such as mean time to recovery (MTTR),
percentage of critical services restored within SLA, and incident frequency.
Example: After a data‑center failure, the center restores 95 % of critical voice services within the 30‑minute
SLA, contributing to a resilience score of 82  out of 100.
Practical application: A high resilience score reassures stakeholders, supports compliance requirements, and
reduces revenue loss during incidents.
Challenges: Measuring resilience requires comprehensive incident tracking and may involve confidential
security data; over‑reliance on redundancy can increase cost without proportional benefit.

Voice of the Customer (VoC) Analytics – Related terms: customer feedback, sentiment mining, experience
insights.
VoC analytics aggregates and analyzes qualitative feedback from surveys, social media, and recorded
interactions to uncover themes, pain points, and improvement opportunities. Techniques include text
analytics, topic modeling, and sentiment scoring.
Example: VoC analysis of post‑call surveys reveals recurring complaints about long hold times, prompting a
review of IVR routing logic.
Practical application: VoC insights drive strategic initiatives, inform agent coaching, and validate the impact
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of service changes on perceived value.
Challenges: Unstructured data requires sophisticated processing; bias in voluntary feedback can skew
results, necessitating triangulation with quantitative metrics.

Service Performance Benchmarking – Related terms: industry standards, comparative analysis, best‑practice
gap.
Benchmarking compares an organization’s service metrics against peers, industry averages, or internal
historical performance to identify strengths and areas for improvement. It often uses publicly available data
or third‑party reports.
Example: A call center discovers its AHT is 15 % higher than the industry median for similar volume,
indicating a potential efficiency gap.
Practical application: Benchmark results guide goal‑setting, resource allocation, and adoption of proven
practices from higher‑performing organizations.
Challenges: Differences in measurement definitions, channel mix, and customer demographics can make
direct comparisons misleading; careful normalization is required.
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