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Certificate in Customer Service Analytics

Customer Behavior Analysis

A/B Testing: A controlled experiment that compares two versions of a variable—such as a webpage layout,
call-to-action, or email subject line—to determine which performs better. Related terms: split testing,
multivariate testing. The process involves randomly assigning customers to a control group (VersionA) or a
test group (Version B) and measuring predefined metrics like conversion rate or average order value. For
example, a retailer may test two checkout page designs to see which reduces cart abandonment. Practical
application includes iterative optimization of digital touchpoints, allowing data-driven decisions without
guessing. Challenges include ensuring statistical significance, avoiding sample contamination, and
accounting for external factors that may influence results.

Acquisition Cost (CAC): The total expense incurred to acquire a new customer, encompassing marketing
spend, sales commissions, and onboarding costs. Related terms: customer acquisition cost, cost per
acquisition. CAC is calculated by dividing the sum of acquisition expenses by the number of new customers
gained in a period. A SaaS company might spend $50,000 on campaigns and acquire 250 customers,
resulting in a CAC of $200. This metric helps evaluate the efficiency of acquisition channels and informs
budgeting decisions. Practical use includes benchmarking against Customer Lifetime Value (CLV) to ensure
profitability. Challenges arise from attributing shared marketing spend across multiple channels and
accounting for indirect costs such as brand awareness.

Attrition Rate: Also known as churn rate, it measures the proportion of customers who discontinue a
relationship with a business over a specific timeframe. Related terms: churn, retention rate, attrition. The
formula divides the number of lost customers by the total number at the period'’s start. If a subscription
service starts with 1,000 users and loses 80 by month end, the attrition rate is 8 %. Understanding attrition
helps identify pain points, forecast revenue decline, and prioritize retention initiatives. Practical applications
include segmenting high-risk customers for targeted outreach. Challenges include distinguishing voluntary
churn from involuntary causes (e.g., payment failures) and capturing accurate data when customers leave
through multiple channels.

Behavioral Segmentation: The process of grouping customers based on observed actions such as purchase
frequency, product usage, or website navigation patterns. Related terms: psychographic segmentation,
demographic segmentation. Unlike demographic segmentation, which relies on static attributes, behavioral
segmentation reflects real-time engagement. For instance, an e-commerce site may segment shoppers into
"frequent buyers,” “seasonal browsers,” and “one-time purchasers.” This enables personalized marketing,
dynamic pricing, and tailored loyalty offers. Practical use includes designing trigger-based email campaigns
that activate when a customer exhibits a specific behavior, like abandoning a cart. Challenges involve

Read online: https://shortcourses.Isibonline.com/glossaries/4727654/ London School of International Business - 20 Jun 2026
customer-behavior-analysis



LSIB

London School of

International
Business, U.K.

collecting sufficient behavioral data, ensuring privacy compliance, and preventing over-segmentation that
dilutes actionable insights.

Click-Through Rate (CTR): The ratio of users who click on a specific link to the total number who view the
link (impressions). Related terms: conversion rate, engagement rate. CTR is expressed as a percentage:
(clicks + impressions) x 100. An online ad shown 10,000 times that receives 250 clicks yields a CTR of 2.5 %.
This metric gauges the effectiveness of creative assets, call-to-actions, and targeting criteria. Practical
applications include optimizing ad copy, testing headline variations, and allocating budget to
high-performing placements. Challenges include click fraud, viewability discrepancies, and the need to pair
CTR with downstream metrics like conversion to assess true business impact.

Cohort Analysis: A technique that examines the behavior of groups (cohorts) sharing a common
characteristic, such as the month of first purchase, to track performance over time. Related terms:
longitudinal analysis, segment analysis. By plotting retention or revenue for each cohort, businesses can
uncover trends obscured in aggregate data. For example, a subscription service may compare the
month-over-month retention of users who joined in January versus those who joined in March. Practical use
includes evaluating the impact of product updates or marketing campaigns on specific cohorts. Challenges
involve selecting meaningful cohort criteria, handling small sample sizes, and maintaining consistent
measurement windows across cohorts.

Conversion Funnel: A visual representation of the steps a customer takes from initial awareness to final
purchase, illustrating drop-off at each stage. Related terms: sales funnel, purchase journey. Typical stages
include awareness, interest, consideration, intent, and conversion. By quantifying the number of users at
each step, organizations can identify bottlenecks. For instance, a high drop-off between product view and
add-to-cart may signal pricing or usability issues. Practical applications involve targeted interventions—such
as retargeting ads for abandoned carts—to improve overall conversion rates. Challenges include accurately
tracking cross-device journeys, attributing credit to multiple touchpoints, and avoiding funnel
oversimplification that ignores complex customer paths.

Customer Lifetime Value (CLV): The projected net profit attributed to the entire future relationship with a
single customer. Related terms: LTV, customer equity, profitability. CLV is calculated by estimating average
purchase value, purchase frequency, and expected customer lifespan, then subtracting acquisition and
service costs. A telecom provider with an average monthly revenue of $40, a churn-adjusted lifespan of
4years, and a CAC of $120 would have a CLV of roughly $1,660. This metric guides investment decisions,
segmentation strategies, and resource allocation. Practical use includes prioritizing high-value segments for
premium support or upsell campaigns. Challenges involve forecasting accuracy, accounting for changing
behavior over time, and integrating CLV into real-time decision engines.

Customer Journey Mapping: A visual or narrative depiction of every interaction a customer experiences with
a brand, from first contact through post-purchase support. Related terms: journey visualization, touchpoint
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analysis. Mapping identifies emotional states, pain points, and moments of truth across channels such as
website, call center, and physical store. For example, a journey map for a new-car buyer may include
research, dealership visit, test drive, financing, and service follow-up. Practical applications include
redesigning processes to reduce friction, training staff on empathy, and aligning digital and offline
experiences. Challenges include gathering comprehensive data across siloed systems, keeping maps
up-to-date, and avoiding assumptions that overlook individual variations.

Data Enrichment: The augmentation of existing customer data with additional information from external
sources, enhancing depth and analytical power. Related terms: data augmentation, third-party data.
Enrichment may add demographics, firmographics, social profiles, or purchase intent signals to a core CRM
record. A retailer might append income estimates to zip-code data to better predict spending capacity.
Practical use includes more accurate segmentation, personalized offers, and improved predictive models.
Challenges involve data privacy regulations, ensuring data quality, and reconciling mismatched identifiers
across datasets.

Demographic Profiling: The classification of customers based on static characteristics such as age, gender,
income, education, and location. Related terms: demographic segmentation, population profiling. While
limited in capturing behavior, demographics provide a foundational layer for targeting and compliance. For
instance, a cosmetics brand may target women aged 25-34 with a high-spending propensity in urban areas.
Practical applications include media buying, product development, and compliance checks (e.g.,
age-restricted products). Challenges include over-reliance on stereotypes, data decay as populations shift,
and the need to combine demographics with behavioral insights for richer understanding.

Heatmap Analysis: A visual tool that displays concentration of user interactions—such as clicks, taps, or
mouse movements—using color gradients. Related terms: click heatmap, scroll heatmap. Warmer colors
indicate higher activity, revealing which page elements attract attention. For example, a heatmap of a
landing page may show that visitors focus on the hero image but ignore the sidebar form. Practical use
includes optimizing layout, improving call-to-action placement, and reducing visual clutter. Challenges
involve sampling bias (e.g., desktop vs. mobile users), interpreting intent from movement data, and ensuring
that heatmaps represent a sufficient volume of sessions for statistical relevance.

Net Promoter Score (NPS): A single-question metric that gauges customer loyalty by asking, “How likely are
you to recommend our product to a friend or colleague?” Respondents rate on a 0-10 scale; scores of 9-10
are promoters, 7-8 are passives, and 0-6 are detractors. Related terms: loyalty metric, promoter index. NPS
is calculated as %promoters — %detractors. A company with 60 % promoters and 10 % detractors yields an
NPS of +50. Practical applications include benchmarking against competitors, identifying brand advocates,
and linking NPS to revenue growth. Challenges involve cultural response bias, the simplicity of a single
question missing nuance, and translating NPS insights into concrete actions.

Predictive Modeling: The use of statistical algorithms and machine learning techniques to forecast future
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customer behavior based on historical data. Related terms: forecasting, regression analysis, classification.
Models may predict churn probability, purchase propensity, or product affinity. For example, a retailer might
deploy a logistic regression model that outputs a churn score between 0 and 1 for each subscriber. Practical
use includes proactive retention outreach, cross-sell recommendations, and inventory planning. Challenges
encompass data quality, model overfitting, interpretability for non-technical stakeholders, and maintaining
model performance as market conditions evolve.

Recency, Frequency, Monetary (RFM) Analysis: A three-dimensional segmentation method that evaluates
customers based on how recently they purchased, how often they purchase, and how much they spend.
Related terms: RFM scoring, customer segmentation. Each dimension is ranked (e.g., 1-5), and combined to
produce a composite score such as “5-4-3." High-recency, high-frequency, high-monetary customers are
deemed most valuable. Practical applications include targeting high-value groups with exclusive offers,
re-engaging lapsed buyers, and allocating marketing budget efficiently. Challenges involve selecting
appropriate time windows, handling outliers, and integrating RFM insights with other behavioral data for a
holistic view.

Retention Rate: The proportion of existing customers who continue their relationship with a business over a
defined period. Related terms: churn rate, loyalty, customer stickiness. Calculated as (customers at period
end - new customers acquired) + customers at period start. A gym with 800 members at start, 100 new
sign-ups, and 750 members at end has a retention rate of (750 - 100) + 800 = 81.25 %. Retention metrics
help assess service quality, predict revenue stability, and identify opportunities for upselling. Practical use
includes designing loyalty programs, delivering personalized touchpoints, and measuring the impact of
onboarding enhancements. Challenges include isolating the effect of specific initiatives, accounting for
natural attrition, and capturing churn across multiple channels.

Sentiment Analysis: The computational process of identifying and categorizing emotions expressed in
textual data—such as reviews, social media posts, or chat transcripts—into positive, negative, or neutral
sentiments. Related terms: opinion mining, text analytics. Techniques range from keyword-based lexicons to
advanced deep-learning models. For example, an airline may analyze tweet sentiment to detect service
issues in real time. Practical applications include brand monitoring, prioritizing customer support tickets,
and measuring campaign reception. Challenges include sarcasm detection, language nuances,
domain-specific vocabularies, and ensuring model accuracy across diverse data sources.

Session Replay: A technology that records a user’s on-screen interactions during a website or app session,
allowing analysts to playback the exact navigation path. Related terms: user session recording, clickstream
replay. Session replays reveal friction points such as form abandonment, unexpected errors, or navigation
confusion. A fintech app might review sessions where users repeatedly attempt a fund transfer and
encounter a validation error. Practical use includes UX improvements, troubleshooting technical glitches,
and informing design decisions. Challenges involve privacy compliance (e.g., GDPR), data storage costs, and
filtering out noise to focus on representative sessions.
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Churn Prediction: The application of predictive analytics to estimate the likelihood that a customer will
discontinue a service within a forthcoming period. Related terms: churn modeling, attrition forecasting.
Models typically use features like usage frequency, support interactions, payment history, and demographic
data. For instance, a telecom company may assign a churn probability of 0.78 to a subscriber who shows
declining data usage and recent complaints. Practical applications include targeted retention offers,
proactive outreach, and resource allocation for high-risk accounts. Challenges include class imbalance (few
churners vs. many stayers), feature selection, and ensuring that interventions based on predictions do not
inadvertently increase churn.

Loyalty Program Effectiveness: The measurement of how well a loyalty scheme drives repeat purchases,
increases spend, and enhances brand advocacy. Related terms: rewards program, loyalty ROI. Key indicators
include redemption rate, incremental revenue per member, and program participation growth. A coffee
chain may track that members who earn a free drink after ten purchases increase their average weekly visits
by 15 %. Practical use involves refining reward structures, personalizing offers, and communicating benefits
to boost engagement. Challenges include program fatigue, cost of rewards versus incremental profit, and
accurately attributing sales uplift to the loyalty initiative rather than external factors.

Multichannel Attribution: The methodology of assigning credit to multiple marketing channels that
collectively influence a conversion, recognizing that customers often interact with several touchpoints
before purchasing. Related terms: attribution modeling, cross-channel measurement. Models range from
simple “first-click” or “last-click” to sophisticated data-driven algorithms that weight each interaction based
on its incremental impact. For example, a consumer may discover a brand via a social ad, research on
organic search, and finally convert through a paid search click. Practical applications include optimizing
budget allocation, improving campaign synergy, and justifying investments across channels. Challenges
involve data integration from disparate platforms, dealing with offline touchpoints, and selecting an
attribution model that aligns with business goals.

Persona Development: The creation of semi-fictional representations of ideal customers based on
aggregated data, interviews, and behavioral insights. Related terms: buyer persona, user archetype.
Personas encapsulate demographics, motivations, pain points, and preferred communication channels. A
SaaS provider might craft a persona named "Growth-Focused Mark,” a 35-year-old marketing manager
seeking automation tools to scale campaigns. Practical use includes guiding product roadmap, tailoring
messaging, and aligning cross-functional teams on a common customer view. Challenges include keeping
personas current as markets evolve, avoiding oversimplification, and ensuring they are grounded in real
data rather than assumptions.

Predictive Analytics: A broader discipline that employs statistical techniques, machine learning, and data
mining to forecast future events and trends based on historical patterns. Related terms: forecasting,
predictive modeling, prescriptive analytics. In customer service, predictive analytics can anticipate ticket
volume spikes, forecast satisfaction scores, or identify emerging issues. For instance, an airline might predict
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a surge in support tickets after a schedule change using time-series analysis. Practical applications span
resource planning, proactive outreach, and dynamic staffing. Challenges encompass data silos, model
governance, interpretability for business users, and maintaining model relevance as customer behavior
shifts.

Survey Fatigue: The diminishing response quality and participation rates that occur when customers are
repeatedly asked to complete surveys or questionnaires. Related terms: respondent burnout, questionnaire
overload. Indicators include lower completion rates, shortened open-ended answers, and increased
straight-lining. A retailer sending post-purchase surveys after every transaction may experience reduced Net
Promoter Score reliability. Practical strategies to mitigate fatigue involve limiting survey frequency,
shortening questionnaire length, and rotating question sets. Challenges include balancing the need for
actionable feedback with respecting customers’ time, and ensuring that reduced data collection does not
compromise insight depth.

Touchpoint Analysis: The systematic evaluation of each interaction point—online, offline, or hybrid—
through which a customer engages with a brand. Related terms: contact point assessment, interaction
mapping. Analysis assesses effectiveness, satisfaction, and contribution to the overall journey. For example,
a telecom provider may examine the onboarding call, self-service portal, and billing email to identify gaps.
Practical applications include redesigning underperforming touchpoints, aligning messaging across
channels, and enhancing consistency. Challenges involve capturing data from legacy systems, reconciling
subjective experiences with objective metrics, and prioritizing improvements amid limited resources.

Voice of the Customer (VoC): A comprehensive collection of customer insights gathered from surveys,
interviews, social listening, and support interactions to understand expectations, preferences, and pain
points. Related terms: customer feedback, insight gathering. VoC programs aggregate qualitative and
quantitative data, converting them into actionable themes such as “speed of service” or “product reliability."”
A bank may use VoC findings to redesign its mobile app navigation based on recurring user complaints
about difficulty locating statements. Practical use includes informing product development, training staff,
and measuring the impact of service enhancements. Challenges include ensuring representative sampling,
synthesizing large volumes of unstructured data, and translating insights into measurable improvements.
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